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Dedicated to Dominique Bakry on the occasion of his 60th

birthday.

CHRISTOPHE SABOT () AND LAURENT TOURNIER (?)

ABSTRACT. — Random Walks in Dirichlet Environment (RWDE)
correspond to Random Walks in Random Environment (RWRE) on Z¢
where the transition probabilities are i.i.d. at each site with a Dirichlet
distribution. Hence, the model is parametrized by a family of positive
weights (;)i=1,... 24, one for each oriented direction of Z%. In this case,
the annealed law is that of a reinforced random walk, with linear reinforce-
ment on directed edges. RWDE have a remarkable property of statistical
invariance by time reversal from which can be inferred several properties
that are still inaccessible for general environments, such as the equivalence
of static and dynamic points of view and a description of the direction-
ally transient and ballistic regimes. In this paper we review the recent
developments on this model and give several sketches of proofs presenting
the core of the arguments. We also present new computations of the large
deviation rate function for one dimensional RWDE.

RESUME. —  Les marches aléatoires en environnement de Dirichlet
(RWDE) correspondent & des marches alétoires en environnement aléa-
toire dont les probabilités de transition en chaque site sont indépendantes
et distribuées suivant une méme loi de Dirichlet. Le modele est donc
paramétré par une famille de poids (oy;);=1,...,24, un pour chaque direc-
tion dirigée de Z?. Dans ce cas, la loi moyennée est celle de la marche
renforcée avec renforcement linéaire sur les arétes orientées. Les RWDE
ont une propriété remarquable d’invariance en loi par retournement du
temps, de laquelle découlent plusieurs résultats encore inaccessibles dans
le cas général, comme la propriété d’équivalence des points de vue sta-
tiques et dynamiques ou comme la caractérisation des régimes de tran-
sience directionnelle et de ballisticité. Dans cet article, nous présentons les
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développements récents sur ce modéle et donnons plusieurs esquisses de
démonstrations mettant en relief les arguments centraux du sujet. Nous
présentons aussi des calculs nouveaux sur la fonction de taux des grandes
déviations dans le cas unidimensionnel.

1. Introduction

Multidimensional Random Walks in Random Environment (RWRE) have
been the object of intense investigation in the last fifteen years. Important
progress has been made but some central questions remain open. The ballistic
case, i.e. the case where an a priori ballistic condition (as the (T'), condition
of Sznitman, [43]) is assumed, is by far the best understood (cf e.g. [5, 25,
34, 42, 43, 45]). The non ballistic case is more difficult and researches have
concentrated on the perturbative regime, where the environment is assumed
to be a small perturbation of the simple random walk (see in particular [8,
44]), or on two special cases, the balanced case ([29]) and the Dirichlet case.
The object of this paper is to give an overview of what is known in this last
case: Random Walks in Dirichlet Environment (RWDE) correspond to a
special instance of i.i.d. random environment where the environment at each
site is chosen according to a Dirichlet random variable. Note that compared
to the balanced case, where the drift of the environment at each site is almost
surely null, there is no almost sure restriction on the possible environments,
more precisely the support of the law on the environment is the whole set
of environments. The main property that justifies the interest in this special
case is a property of statistical invariance by time reversal (cf. Section 3)
from which several results can be inferred and which is the main focus of
this paper.

For simplicity, in this paper we restrict ourselves to the case of RWRE
on Z% to nearest neighbors, (except for Sections 2 and 3), even if most of
the results on RWDE could be extended to more general settings. Denote
(e1,...,eq) the canonical basis of Z¢ and set e;, 4 = —e; so that (eq, ..., e2q)
is the set of unit vectors of Z%. Recall that in this case the set of environments
is the set

2d
Q= { (@, o+ e))sen o1, a ¢ e, o+e) €(0,1), Y wlz,ve;) =1},

i=1

The classical model of RWRE is the model where the transition probabilities
at each site (w(z,x + -)) are independent with a same law p, which is a

— 464 —



Random walks in Dirichlet environment

distribution on the simplex
2d
Aoy = {(wi)izl,i..,Qd €(0,1)* : Zwi = 1}- (1.1)
i=1

We denote by P = M®Zd, the law obtained on 2. Traditionally, the quenched
law, which is the law of the Markov chain (X,,),>0 in a fixed environment
w, is denoted by Py, ., i.e. we have Py, ,,(Xo = z¢) = 1 and

Pwo,w (XnJrl =T +e; | Xn = z, (Xk)krgn) = W(.’E, T+ ei)-

The annealed law is the law obtained after expectation with respect to the
environment

o) :/on,w«)mdw).

To define Dirichlet environment, we fix some positive parameters
(ei)i=1,... 24, one for each direction (e;);=1,... 24 of Z¢. The RWDE with pa-
rameters (o;)i=1,.. 24 is the RWRE with the following specific choice for pu.
We choose p1 = D((;)i=1.,....24), which is the Dirichlet law with parameters
(av;): it corresponds to the law on the simplex (1.1) with distribution

F(fo O‘i) = o —
— =1 Hwil ! 1a,,(w) Hdwi ,
i=1

[T, o) i#io

where T'(a) = [;7t* 'e~"dt is the usual Gamma function, and io is an
irrelevant choice of index in {1,...,2d} (i.e., we integrate on [, , dw; with

wip =1=37,,, w;). We denote by P(®) the associated law on Q and by PJE?)
the annealed law of RWDE.

The Dirichlet law is a classical law that plays an important role in
Bayesian statistics. It is also intimately related to Pélya urns (cf. Section 2.1),
and this relation implies that the annealed law of RWDE is that of a directed
edge reinforced random walk (cf. Section 2.3). The important property that
justifies that RWDE is an interesting special case of RWRE; is the aforemen-
tioned property of statistical invariance by time reversal. It asserts that on
finite graphs, under a condition of zero divergence of the weights, the time
reversed environment is again a Dirichlet environment, in particular time
reversed transition probabilities are independent at each site. In this paper
we review what is known on Dirichlet environments (with a few new results)
and give sketches of proofs or new proofs of some of the results involving
the time reversal property. This property has been principally applied in the
following directions:
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e Description of directionally transient/recurrent regimes in any di-
mension (implying in particular a positive answer to directional 0-1
law).

e Proof of transience in dimension d > 3 for all parameters.

e Characterization of the parameters for which there is equivalence
between static and dynamic points of view in dimension d > 3.

e Characterization of ballistic regimes in dimension d > 3, which gives
an answer in this context to the question of the equivalence between
directional transience and ballisticity.

Let us also mention, on a different but somehow related model of random
walk in space time Beta random environment, the recent work of Barraquand
and Corwin, [3], where Tracy~Widom distribution appears in the second
order correction in the large deviation principle. This model is closely re-
lated to the exactly solvable model of log-gamma polymers introduced by
Seppéliinen [39].

Let us describe the organization of the paper. In Section 2, we give def-
inition and basic properties of Dirichlet laws, Pélya urns and RWDE. In
Section 3, we state the important property of statistical invariance by time
reversal. We give a proof, slightly shorter than that of [38]. In Section 4,
we explain the role of traps of finite size and define the important parame-
ter k. In Section 5 we state the main results which are consequences of the
time reversal property. In Section 6, we consider the question of quenched
central limit theorems in the case of ballistic RWDE. In Section 7, we give
sketches of proofs and some extensions of the results involving the time rever-
sal property. We do not optimize on the parameters, which makes the proofs
more transparent than the originals. Finally, in Section 8, we describe the
case of one-dimensional RWDE, for which special calculations can be made.
In particular, we give an explicit new computation of the rate function of
one-dimensional RWDE.

2. Random Walk in Dirichlet environment and directed edge
reinforced random walk

2.1. Dirichlet laws and Pdlya urns

Dirichlet distributions classically arise as the limit distribution of colors
in Pélya urns. Let us recall this result.

An urn contains balls of r different colors. Initially, «; balls of color 4
are present, for 4 = 1,...,r. After each draw, the ball is put back in the

— 466 —



Random walks in Dirichlet environment

urn together with one additional ball of the same color. In other words,
if (X;,)n>1 denotes the sequence of colors drawn from the urn, and F,, =
o(X1,...,X,), then we have for all n, for i =1,...,r,

Ni(n)
ar+ - Far+n’
where N;(n) = a; + #{1 < k < n : X} =i} is the number of balls of color
1 in the urn after n draws. Such an urn is usually called reinforced as the
chosen color becomes more likely in the future draws. Let us underline that
the formal definition of the model doesn’t require the «;’s to be integers but
merely positive real numbers.

P(Xpyr = i| Fp) = (2.1)

One can check that the proportion of balls of color ¢ after n draws,

M;(n) = MNiﬁiM, is a bounded martingale and therefore converges al-
most surely to a random variable U;. Note that the vector (Uy,...,U,) takes

values in the simplex
A, = {(ul,...,u,,) €(0,1)" tug+---+u, = 1}.
Before stating the main result about Pélya urns, let us give a central defini-
tion:
DEFINITION 2.1. — Gliven positive real numbers ay, . . ., ., the Dirichlet
distribution with parameters aq, ..., q,, is the distribution on A, given by
Flog+-+ o) o1

D = R TAaE D
(ala ,Oé,«) F(Ozl)"'l—‘(ar) Uq Uy Ar,-(u17 auT)7
where dA\a, is the Lebesgue measure on A, i.e. Ian (u1,...,u,) H#io du;
for an arbitrary choice of ig € {1,...,r}.

A classical proof of the above normalization would consist in writing
F(al) e F(aT_) — / ‘,Eflll—1 e x”ofr_le_(il"r""'!‘a?r) dxl PN dxr7
(0,400)"

and letting u; = x;/(x1 + -+ a,) fori=1,...;r—1L,andv =21 +- -+
x,. This is tightly related to Property 2.4 below. As a consequence of this
normalization, we immediately deduce joints moments of marginals of the
Dirichlet distribution: if (Vi,...,V,.) ~ D(aq,...,q;), then

(a1 +&) Tl +&) Do +---+ay)
ar+&+ 4 a+&) (o) - Tlay)
for all real numbers &1, . .., & € Rsuch that a; +&; > 0forall¢. If §;4+a; <0
for some 7, then the expectation is infinite. In the case when &;’s are integers,
the functional equation of the gamma function reduces the previous formula

to an elementary product that has an interpretation in terms of Pélya urn
and leads to the next lemma.

E[(Vl)& ...(Vr)ﬁr} — FF( , (2_2)
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LEMMA 2.2. The vector U = (Uy,...,U,) of asymptotic proportions
of colors in the Pdlya urn follows the Dirichlet distribution D(aq,...,a,.).
Furthermore, conditional on U, the sequence (Xp)n>1 @s independent and
identically distributed with, forn > 1 andi=1,...,r,

P(X, =i|lh,...,U) =U..

Proof. — It is a simple matter to check that, for any zi,...,z, €
{1,...;r},ifwelet n; =#{1<k<n:ap=iffori=1,...,r,

P(Xi=a1,...,Xn = )
B H;Zl ai(a;+1) - (o +n; — 1)
B (1 +-+ap) - (a+-+a.+n—1)
Moy +n1) T(ar+n.) Moy + -+ ay)

[(aq) MNa,) T(or+-4ar+n+--+n,)
= E[(V)™ - (Vi)™ ],

where V. = (V4,...,V,) ~ D(ay,...,a,). Thus, (X,,), has same law as
ii.d. variables (Y},), with common law V161 + --- + V.4, given a random
variable V, where V' ~ D(ay,...,a;). Note that (X,,), are not i.i.d. but a
mixture of i.i.d. variables. By the law of large numbers for the Y,,’s given
V', V is the vector of almost sure limiting proportions of colors in the se-
quence (Y3, )n, hence ((Xp)n, U) has same law as ((Y3,)n, V'), which concludes.
This actually re-proves the almost sure convergence of proportions of colors
toward U without a martingale convergence theorem. O

This lemma can also be seen as an instance of de Finetti’s theorem (see
for instance [16, p. 268]), since it is easily noticed that the sequence (X, ),
is exchangeable.

In the usual two-color case, we have (Uy,1 — Uy) ~ D(ai,asz), which
reduces to

Uy ~ Beta(ag,az) = w1 = u)* g 1) (u) du,

B(Oél, 012)

where B(a, ) = FISEXQ)JFF%) is the Beta function.

For later convenience, we will also consider more general index sets:

DEFINITION 2.3. — For a finite set I and (a;);er € (0,4+00)!, the Dirich-
let distribution D((cy)icr) on

Ar= {(Ui)iel €(0,1)" : Zui = 1}

el
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is given by
F 161 a;—1
D((ai)iGI) H Hu ]lAI u’L iel H dula
ZEI el e
for an irrelevant choice of ig.
Nota Bene. — From Lemma 2.2 for instance, or continuity in distribu-

tion, it is natural to allow some parameters of the distribution, but not all,
to be zero, by setting these coordinates equal to 0 a.s. and viewing D(«) as
a distribution on Ay;. q,20}-

2.2. Properties of Dirichlet distributions

Let I be finite, and (a;)ser € (0, +00)!.

Dirichlet distribution could equivalently have been defined as the law of
a normalized Gamma vector. By routine computation, one can indeed check
that:

PROPERTY 2.4. — Let (W;)ier be independent random wvariables such
that, fori €1,

1
['(a)

W; ~T'(ay,1) = w1 (g, 00y (w) duw.

We have )
(Uz)z I:
© EZEI W

and (Us)ier is independent of Y

(Wi)ie] ~ D((vi)ier),
zEI

Recall that, if X ~ I'(a,1) and Y ~ I'(8,1) are independent, then X +
Y ~T(a+ 8,1). Together with the previous property, this gives:

PROPERTY 2.5. — Assume (U;)ier has Dirichlet distribution D((o)icr)-

Agglomeration: Let I,...,I, be a partition of I. The random vari-
able (ZieIk Ui)ke{l,.i.,n} on A, follows the Dirichlet distribution

D((Xier, @i)i<ksn)-

Restriction: Let J be a nonempty subset of I. The random variable

(2:[]) on Ay follows the Dirichlet distribution D((a;)icy)
ieJ

jeg 7

and is independent of Z]EJ
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In particular, from the agglomeration property, the marginal U; of a
Dirichlet vector (U;)ier ~ D((c;)ier) follows the law Beta(ay, Y-, ; aj).

One may notice that Property 2.5 can also be elementarily deduced from
Lemma 2.2 by identifying together or disregarding some colors.

Property 2.4 also enables to derive the following degenerate large weights
limit, which means that the effect of reinforcement vanishes as the initial
number of balls goes to infinity:

D((A - a)ier) v 521 ()it (2.3)

In the opposite direction, with small weights, the distribution concen-
trates on the extreme points of the simplex, which means that the first draw
from the urn becomes “overwhelming” as the initial weights go to 0: with
(ﬂ{l})] = (;ij for i,j S I,

Q;
D(()\ . OZi)ieI) Aj0>+ ; méﬂ{i}. (24)

(These asymptotics can be quickly obtained by taking the limit in the
joint moments given in the proof of Lemma 2.2)

2.3. RWDE on general graphs, and reinforcement

Let G = (V,E) be a locally finite directed graph. Recall that directed
means that edges e = (z,y) € E C V x V have a tail e = x and a head
€ =y, while locally finite means that vertices have finite degree.

Let a = (ae)eer € (0,+00)F be positive weights on the edges.
We denote by (X,,),>0 the canonical process on V.

DEFINITION 2.6. — Let g € V. The directed edge linearly reinforced
random walk on G with initial weights o and starting at xq is the process
on V' with law ng[cf) defined by: ngoa)—a.s., Xo = zo and, for all n = 0, for
all edges e € E,

B N(n) 1
B ZfeE‘,i:g Ny(n) te=¥nd

where Ne(n) = ae + #{0 <k <n—1: (X, Xpy1) = e}

Pagoa)((Xan-&-l) =e€ | Xo, - - ,Xn)

In other words, at time n, this walk jumps through a neighboring edge e
chosen with probability proportional to its current weight N.(n), where this
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weight initially was equal to a, and then increased by 1 each time the edge
e was chosen.

Since edges are oriented, the decisions of this process are ruled by inde-
pendent Polya urns, one per vertex, where outgoing edges play the role of
colors, and « is the initial numbers of balls of each color. By Lemma 2.2
this reinforced walk may equivalently be obtained by assigning a Dirichlet
random variable w(, .y to each vertex x, and sampling i.i.d. edges according
to this variable in order to define the next step of the walk every time it is at
x: this is the description of a random walk in Dirichlet random environment
(RWDE), that we formalize now.

The set of environments on G is

Qg = H A{eEE:gzx} - {(we)eeE € (Oa 1]E forallz eV, Z We = 1}7

xeFE ecE,e=x
and we shall denote by w the canonical random variable on Q.
DEFINITION 2.7. — Letxg € V. Forw € Q¢, the quenched random walk
in environment w starting at xg is the Markov chain on V starting at x¢ and

with transition probabilities w. We denote its law by Py, .. Thus, Py, -a.5.,
Xo =g and for all n, for alle € E,

P:vo,w((XnaXnJrl) =€ | Xo, e ,Xn) = we]].{gzxn}.

The Dirichlet distribution on G with parameter « is the product distri-
bution on Qg

0 =TT Pl o).
eV

Thus, under P(%) | the random variables W(e,.), T €V, are independent and
follow Dirichlet distributions with parameters given by o, .y, * € V, respec-
tively.

Let us consider the joint law ng?) of (w, X) on Qg x VN such that w ~ P()

and the conditional distribution of X given w is Py, .. Then, under ngoa),
X is the annealed random walk in Dirichlet environment with parameter «
starting at xq. Its law is thus

Pz(oa)(X € ) = E(a)[Pxo,w(')]~

Because of the previous remark, it follows from Lemma 2.2 that the no-
tation P{%) is unconsequently ambigous:
LEMMA 2.8. — Letxg € V. The directed edge linearly reinforced random

walk on G with initial weights « starting at xo, and the annealed random
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walk in Dirichlet environment with parameter o starting at xg, are equal in
distribution.

Given the natural definition of directed edge reinforced random walk, this
property provides a first justification for the interest in RWDE.

Let us mention that this connection was first used in the context of (non
oriented) edge reinforced random walks on trees by Pemantle [33] where, due
to the absence of cycles, independence between the Pdlya urns still holds.
On other graphs, non oriented edge reinforced random walks can be seen as
random walks in a correlated, yet rather explicit, random environment. This
leads to very different behaviors and techniques, see for instance [2, 15, 26,
32, 37]. RWDE were first considered for their own as a special instance of
RWRE in Z4 by Enriquez and Sabot, [17].

For any vertex x, we let a; be the sum of the weights of the edges exiting

from x:
E Q.

ecFE,e=x

With this notation, when G is finite, the Dirichlet distribution may be writ-
ten as

I(ac)
= — wee™! dwe, where Z, = H%Eie, (2.5)
H };IE Hzev F(aw)

Y ecE

and E is obtained from E by removing arbitrarily, for each = € V| one edge
with origin z. From this we can infer the following formula for the moments

of w:
o a+§ F(ae + Ee
a (61; (ae ) (menv INE +£w)>  (29)

for every function (£.) € R¥ such that a. + & > 0 for all e, and where
as usual we write £, = Ee,e:aj &e. When &, + a. < 0 for some edge e, the
expectation is infinite.

E(®

IT <&

eckE

In the following, we are mainly interested in the case of Z¢ with nearest-
neighbor edges. There we always assume that weights are translation invari-
ant, therefore given by 2d parameters a, ..., asq, so that for any = € Z%,
andi=1,...,2d,

Az, x4e;) — iy
where (e1,...,eq) is the canonical basis of Z¢ and we let (€114, ..,€2q) =
—(e1,...,eq). See Figure 2.1.
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r+eo

Figure 2.1. Weights on the edges starting at = € Z¢
3. The property of statistical invariance by time reversal
3.1. The main lemma and a probabilistic proof

Consider a directed graph G = (V, E) with a family of positive weights
(qte)ecr- Assume that G is finite and strongly connected, i.e. that for any x
and y, there is a directed path in G from z to y. Consider the dual graph
G= (v, E‘) obtained by reversing all edges, i.e.

E={(y.x) : (z,y9) € E}.
For an edge e € E we denote € € E the associated reversed edge. We define
the family of reversed weights (ct.),. ;; by

&g =, Ve€EE.

We define the divergence operator on the graph G as the linear operator
div : R¥ — RV given by
div(f)(z) = Y Oc— > b, VOER VaeV. (3.1)

€, e=T e, e=x

Let (we)ecr be an environment on the graph G. Since G is finite and
strongly connected, there exists an invariant probability for the quenched
Markov chain P¥(-). Denote it by (7% (x))zey. We define the time reversed
environment () which is an environment on the dual graph G, by

w
Y,z — Ww(‘r) Wzy,
m™(y)
The following lemma was stated in [35, Lemma 1], where it was first given
an analytic proof that will be discussed in Subsection 3.2 below. A much
shorter probabilistic proof was given in [38].

eckE>

v

YV (x,y) € E.

LEMMA 3.1. — Assume G is finite and diva = 0. Then
(w ~ ]P’(O‘)) = (w ~ P@) . (3.2)
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Proof. — We give here a proof in the spirit of that of [38], but even
shorter. We say that ¢ = (zg,21,...,Zn-1,2,) is a directed path if
(zi,xi41) € E for all i = 0,...,n — 1. It is a directed cycle if moreover
T, = xo. For a directed path we set

n—1
Wo = H Wa,,wiqq - (33)
i=0
If o is a path we write & = (2, ..., xo) the reversed path, which is a directed
path in the dual graph G. If ¢ is a directed cycle, we clearly have
We = (ZJC}. (34)
For a cycle o = (g, %1,...,Tn_1, T, = Tg) We Write

n—1 n—1
Na(e) = Z 1{(mi,xi+1):e}7 No’(x) = Z 1{mi:m}a
i=0 1=0

the number of visits of the directed edge e and of the vertex x by the cycle
o. If C is a finite family of cycles, we write

Ne(e) = 3 No(e)y Ne(@) = 37 Ny ().

oeC el

We also write C = {& : o € C} for the family of reversed cycles. We clearly
have from (2.6)

e - (M ) (ot veen)

oeC

where we write o = > __, @.. The property div(a) = 0 is equivalent
to the fact that o, = ¢, for all vertex z. Remark now that for a cycle
N,(e) = Ns(€), and N,(x) = Ns(z) for all edge e and vertex x. Hence
from (3.4) and the previous remarks, changing e to reversed edges ¢, we get

oI = (™) (e )

oeC
— E(@) [ H w[,} )

oe(f

By considering concatenations of cycles with themselves, this exactly means
that under P(®) all joint moments of cycles of & coincide with the mo-
ments of cycles under P(*) Since the variables w, are bounded, it classically
implies that the law of (Wo), .ye1e of ¢ Under P(®) coincides with the law

(Wo), cycle of ¢ under P(®). But the law of cycle probabilities determine the
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law of the Markov chain. Indeed, since G is finite and strongly connected, it
is recurrent and thus
W(ayy) = Zwm
o

where the sum runs on the cycles that start by the edge (z,y) and come
back only once to . Hence & under P(®) has distribution P(®). O

We will use several times the following corollary of this lemma. Assume
that the graph is finite and div(a) = 0, and let € V' be a specified vertex,
and (y,z) € E. Then, under P(®),

P, ., (X, comes back to = by the edge (y,z))
~ Beta(ay z), 00 — a(y,0)).  (3.5)

Indeed, it comes from the fact that the left hand side term is the sum ) w,
where the sum runs on all cycles starting from = and coming back only once
to x and by the edge (y, ). By (3.4), it equals ) &5 = W(,.,), by Markov
property. But & is distributed according to the Dirichlet environment P(®)
which implies (3.5) by the agglomeration property of Dirichlet distributions,
cf. Property 2.5.

3.2. Analytic approach.

(This section is not necessary in the sequel and can be skipped in first
reading.) The original proof was analytic and based on a change of vari-
able (published only in the arXiv version of [35]). It is rather technical but
gives extra information on the distribution of the occupation measure of the
RWDE. We only give here the statement, the proof is available in the ap-
pendix of [35] (arXiv version). Let ey be a specified edge of the graph. Let
H., be the affine space defined by

Heo = {(2¢)ecE € RE : Zey = 1, div(z) = 0}.
and AEO be the set defined by
Acy = Heo N (RE)E.
We define

Ze ﬂ_g,oweo ’
the occupation measure of the edges of the graph, normalized so that Z., =
1. Clearly (Z¢)eer € AEO. In the stationary regime, it is proportional to
the expected number of traversals of the edge e. The proof was based on
the explicit computation of the distribution of the random variable (Z)ccp
under P(®),
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Let T be a spanning tree of the graph G such that ey ¢ T. (This is possible
since the graph is strongly connected and thus ey belongs to at least one
directed cycle of the graph.) We denote B = T'U {eg}. Then (z — z¢)ecpe
is a dual basis of H,,, it defines a natural measure on Aeo,

daz,, = [T =
eeB¢
which does not depend on the choice of T', eg. Let zg € V be any vertex, and
denote T, the set of directed spanning trees of the graph directed towards
the vertex xg.

LEMMA 3.2. — Under P(®), the random variable (Z.)ecr has the follow-
ing distribution on A, :

() () (5 ) o

T€Tzy e€T

where as usual 2z =Y, _. Ze
,e=

Remark 3.3. — We can remark that this formula is reminiscent of
the distribution discovered by Diaconis and Coppersmith ([15, 26]) which
expresses edge-reinforced random walk as a mixture of reversible Markov
chains. Note that the sum on spanning trees can also be expressed as a
principal minor of the matrix with diagonal coefficients equal to z, and off
diagonal coefficients equal to —z(, ). It does not depend on the choice of .

We see that Lemma 3.1 is a direct consequence of the previous result.
Indeed we see that Lemma 3.2 applied to the reversed graph (é , E‘), starting
with the weights ¢z = . gives the same integrand with «, replaced by
Gz = D sy Qe The two coincide after the change of variables exactly
when div(a) = 0.

4. Preliminaries: traps of finite size. The parameter

Dirichlet environments are elliptics, in the sense that
P@.as, VeekE, w,>0. (4.1)

They do not however fulfill the common assumption of uniform ellipticity,
which means that a uniform positive lower bound w, > ¢ > 0 would hold
in (4.1).

Non uniform ellipticity of the environment can create traps of finite size,
i.e. finite subsets in which the random walk may spend an atypically large
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time. The strength of a possible trap A C V can be measured by the order
of the tail of the distribution of the quenched Green function of the walk
in A.

Let us first consider the case of a subset consisting in a pair of neighbor
vertices, i.e. A = {x,y} such that (x,y), (y,z) € E. In the environment w,
starting at x, the number of visits to x before quitting A is geometric with
parameter 1 — w(, ,)W(y.o)- Therefore, the Green function of the walk in A
satisfies )

1 — W(a,y)W(y,a)

G () =

hence, since w(,,) ~ Beta(a(yy), e — Q(ay)) Wy ~ Beta(oy ),y —
Q(y,z)) and these variables are independent, it is a simple check that

E() [Gi’”’y} (x,x)s} <00 & 5< Ay = Qp Oy — Q) — Qya)-
In this case, the integrability exponent is the total weight of the edges going
out of A.

This result extends to any finite subset A, as proved by Tournier in [46],
in that the integrability exponent of G4 (z,x), for * € A, is given by the
minimum total weight of outgoing edges among the (edge-)subsets of A
containing z. Let us only give a precise statement in the case of Z? with
translation invariant weights, where this simplifies:

PROPOSITION 4.1. — We consider the RWDE on Z% with parameters
a1, ...,024.

Let A be a finite connected subset of Z containing 0. We have:
E(@ [G4(0,0)°] <0 & s< min Az}
T,Y€A, Jlz—yl=1
Therefore, the strongest finite traps in Z¢ are actually pairs of vertices,

and

(E(a) [G£(0,0)°] < oo for all finite A C Z* containing 0) & s<K,

(4.2)
where
2d
B R o) = 2 ; o — 112?%(6[(0@ + Qitd) - (4.3)

This parameter s plays a central role in forthcoming results. Let us first
mention that, if k < 1 then the expected exit time out of some pair {z,y}

under nga) is infinite, which quickly implies non-ballisticity (see [46, Propo-
sition 12] for details):
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PROPOSITION 4.2. — If 5 < 1, then P\ -a.s., lim Xn .
n—oo n

As we will see below (Theorem 5.10), the assumption k£ < 1 is sharp in
dimension d > 3, and this is also conjectured to be true in dimension 2.
However, in the one-dimensional case, nontrivial traps of all sizes sponta-
neously appear (in the form of “valleys” of the potential) even for large val-
ues of the parameters, which leads to the definition of a different threshold
k1(= a1 — as), see Section 8.

5. RWDE on Z%, d > 2. Results involving the time reversal
property

In this section we describe the consequences of the time reversal prop-
erty described in the previous section. This property has been successfully
applied in three directions: directional transience ([38, 47]), transience in di-
mension d > 3 ([35]), invariant measure viewed from the particule ([9, 36]).
These results have consequences on ballisticity conditions, in particular the
question of equivalence between ballisticity and directional transience, di-
rectional 0-1 law. When it can be applied, this property in general provides
optimal conditions, and gives information that are not accessible for general
environments.

Sketches for the proofs of the results in this section are given in Section 7.

5.1. Directional transience

The walk (X,,),, is said to be transient in direction ¢ if X,,-¢ — +o00. The
question of directional transience or recurrence is now completely understood
in the case of Dirichlet environment.

Let us denote
2d
da = Z ;€.
i=1

In particular, E(()a) [X4] = m&x is the drift of the mean environment.
The main result is the following. It follows from [9] and [47].
THEOREM 5.1. — Let £ € R\ {0}.
(1) If do - £ =0, then

Po(a)—a.s., — oo =liminf X, - £ < limsup X,, - £ = 4o0.

n—0o0 n—00
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(2) Ifdy - £ >0 (resp. do, - £ < 0)
P -a.s., lim X,, - £+ 00 (resp. —00).

n—oo

Moreover, if dy # 0, (Xp)n has an asymptotic direction given by dy:

X d
Péa)-a.s,, lim - = —*.
n—oo | Xp| |da|
Remark 5.2. — Note that this result contains in particular the direc-

tional 0-1 law, which is still an open question for general RWRE in dimension
d > 3 (the case d = 2 was settled in [50]).

The proof of Theorem 5.1 contains two main parts. The first is a lower
bound on the probability of directional transience (or actually on the prob-
ability of staying on one side of a hyperplane, see below), and the second
is the 0-1 law mentioned just before. The 0-1 law is due to Bouchet [9] (if
d > 3) and based on the results of Section 5.3. Let us for the moment state
the lower bound, which is actually an identity.

Let £ be any direction in Q% such that £-d, > 0. The discrete half-space
Hf ={zeZ’: x>0}
has a periodic boundary
H) ={xeHS : Fie{l,...2d} such that = +e; ¢ H,}.
Let us introduce a probability distribution p, on some arbitrary period of
7—[2 such that, for each point x, ue(z) is proportional to the sum of the
weights of the edges entering 'HZ‘ at x. We may then consider the law P;E?)

of the RWDE started at a point sampled according to pe. This choice of i
introduces some stationarity and enables to obtain:

PROPOSITION 5.3. — Assume £ € Q% and £ - do > 0. Then
B[00 ]

PONn>0 X, £>0)=1
2 ) B (X1 0)4]

> 0. (5.1)

Note that the right hand side is fully explicit since the law of X; is
given by the initial weights. It is surprising that the above probability does
only depend on the initial weights up to a constant factor. In particular
(thinking of (2.3)), we can check that the above probability is the same as
for a simple random walk in the mean environment, by applying the same
proof (Lemma 3.1 obviously holds for this walk).

This results stated above appears in [47]. It was however first given as
a lower bound and in the case ¢ = e; in [38]. When ¢ = e; the previous
statement takes a simpler form :
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COROLLARY 5.4. — Assume oy > aq44. Then

P n >0, Xovéy > 0) =1 2L (5.2)
1

A short proof of the lower bound of the corollary is given in Section 7.1,
where the reversal lemma plays a key role.

5.2. Transience in dimension d > 3

Transience is a translation invariant property of the environment, and as
such, due to ergodicity, it holds for almost every or almost no environment.
For Dirichlet environments, when d,, # 0, transience follows from directional
transience. The following theorem by Sabot [35], which again makes crucial
use of Lemma 3.1, covers in particular the remaining case d, = 0, under the
condition that d > 3. (In fact, ii) was not proved in [35] but is based on the
same principle, and proved in Section 7.)

THEOREM 5.5.
(1) Assume d > 3. For any aq,...,Qsq,
Po(a)—a.s., lim |X,| = +o0.
n—o0

More precisely, if G,,(0,0) = > | Py, (X, = 0) denotes the Green
function in environment w, then

E®[G,(0,0)°] <co & s<k.

(2) Assume d = 2. For any oy, as,as3,aq4, for any € > 0, there is a
constant C' such that for all N > 2, if Hy denotes the hitting time
of N by (|Xy|)k, and Hy the first return time to 0, then

(o) + ¢
Py (Hy < Hy) 2 (logN)%"'a.

Remind that in dimension 2, for the (recurrent) simple symmetric random
walk, the last probability is on the order of (log N)~!, hence 2D annealed
RWDE are “strictly less recurrent” than the symmetric simple random walk;
this is in contrast with the identity of Proposition 5.3 which remains true
for the simple random walk in the mean environment. Let us stress that
recurrence in dimension 2 with d, = 0 remains open.

A full proof of the first statement is provided in Section 7.2. It is worth
noticing that it applies as well to transient Cayley graphs with translation
invariant weights: if a group G is generated by S = {ej,...,e4} and this set
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S is stable by inversion, then we may consider its Cayley graph and endow
it with weights (g ge,) = a; for any g € G and 1 <4 < d, where a1,...aq
are given parameters; under these assumptions, and transience of the simple
random walk on G, this RWDE on G is transient. [35] gives a more general
version, where less symmetry of the graph and weights is required.

Comparing with (4.2), the second statement of the theorem suggests that
there is no “infinite trap”, in the sense that the integrability condition for
G,(0,0) is the same for Z¢ and for finite subsets of it. An analogy with the
1-dimensional case (see Section 8) also suggests that x governs the order of
fluctuations of (X, )y, a fact later confirmed in [36] and [9], cf. next section.

5.3. The invariant measure for the environment viewed from the
particle

For x € Z%, denote by 7, the shift on the environment, defined by
Tw(y,z) =w(l@+y,z+2), VweQ Vy,z€ VA

Given the random walk (X, ), in environment w, the process of the environ-
ment viewed from the particle is the process on the state space 2 defined
by

Wy =Tx,w, Vné&eN.

Under P§, w € €, (resp. under the annealed law Py) @,, is a Markov process
on state space () with generator R given by

2d
Rf(w) = Zwei(f(rem — f(w)),

for all bounded measurable function f on 2, and with initial distribution
0, (resp. P), cf. e.g. [7]. The advantage of this point of view is that the
process W, contains more information and is a Markov process, even under
the annealed law Py. One key ingredient to be able to apply this technique
is the so-called equivalence between static and dynamic point of view: it
corresponds to the existence of an invariant measure for the process of the
environment viewed from the particle which is absolutely continuous with
respect to the initial law of the environment.

The point of view of the particle has been the central tool in the analysis
of random walks in random conductances. It has had yet a little impact in
the general non-reversible case, since it is still out of reach for general en-
vironments to prove the equivalence of static and dynamic points of view.
It has been done only in few cases, the balanced case ([7, 29]), the Dirichlet
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case in dimension d > 3, and under a ballisticity condition for general envi-
ronments in dimension d > 4, [4]. The Dirichlet case is the object of the the
following theorem from [36].

THEOREM 5.6. — Let d > 3 and P be the law of the Dirichlet envi-
ronment with weights (a1, ..., azq). Let £ > 0 be defined, as in (4.3), by

2d
k=2 (Z ai) -, na d(ai + Qita)-
i=1

1= 3

(1) If k > 1 then there exists a unique probability distribution Q) on
Q absolutely continuous with respect to P(Y) and invariant by the
generator R. Moreover %((:; is in LP(P(Y)) for all 1 < p < k.

(2) If k < 1, there does not exist any probability measure invariant by

R and absolutely continuous with respect to the measure P(®) .

In the case (2), the non existence of an absolutely continuous invariant
measure viewed from the particle is due to the presence of traps of finite
size (cf. Section 4). Indeed, the expected exit time of the RWDE in finite
size traps described in Section 4 is infinite for x < 1. This implies that the
RWDE spends most of its time on configurations where the trapping effect
is strong, hence on atypical configurations.

Theorem 5.6 has consequences on the equivalence between directional
transience and ballisticity and on the question of directional transience
(cf. Section 5.1). To get a full picture it is important to deal with the case
k < 1. In [9], E. Bouchet extended the previous result to the case k < 1,
by considering an accelerated process. The process is accelerated through
a function that takes into account the local configuration: the accelerated
process goes faster when the local environment is strongly trapping. For
this accelerated process, it is possible to prove the existence of an invariant
measure viewed from the particle.

The strategy is the following: we fix a finite connected subset A C Z¢ con-
taining 0, then at each vertex x, we define an accelerating function that will
“kill” all traps strictly contained in the box = + A. More precisely, recalling
the notation (3.3), the accelerating function is:

1
w

T) = —=——

7 () S0y
where the sum is on all ¢ finite simple directed paths from z to x + A, (i.e.
each vertex is visited at most once, and the path is stopped just after exiting
x4+ A). Let Z; be the continuous-time Markov chain whose jump rate from
x to y is v (x)w(x, y), with Zyg = 0. Then Z; is an accelerated version of the

(5.3)
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discrete time process since it jumps faster when X, is at a point = such that
v is small, i.e. when it is difficult to exit the box x + A. The environment
viewed from the position of Z;, 7z,w, has generator

Zv w(0,¢) (7o) — F(w)),

THEOREM 5.7. — Let d > 3 and P be the law of the Dirichlet envi-
ronment for the weights (a1, ..., asq). Let K* > 0 be defined by

rA :min{ Z ae : K connected set of vertices, 0€ K and 8AﬂK#®}7(1)
e€dy (K)

where 0+ (K) ={e € E : ee€ K, e¢ K} andOA={z € A : Ty ~
x such that y ¢ A}. If k™ > 1, there exists a unique probability measure
Q) on Q that is absolutely continuous with respect to P*) and invariant

&() is in LP(P(®) for all 1 < p < k™

A
for the generator R". Furthermore, “F

Remark 5.8. — The parameter x5 measures the strength of the strongest
finite trap containing 0 and not contained in the set A (compare with Sec-
tion 4). Indeed, the condition AN K # () ensures that there is an edge from
K to A€, hence that there is a path inside K that goes from 0 to A€.

Remark 5.9. — 1If A is a box of radius rp, the formula is explicit:

KN = ‘ min (aio + Qjgta + (T’A + 1) Z(CvZ + ai+d)> .
ip€[1,d] i

In particular, k5 can be made arbitrarily large, hence the equivalence be-
tween static and dynamic point of view has a positive answer for an accel-
erated process for arbitrary weights.

5.4. Ballistic regimes in dimension d > 3

In dimension d > 3 it is possible to describe the family of parameters
for which there is ballisticity. It is contained in the next theorem and it is
mainly a consequence of the existence of invariant measures for the process
of the environment viewed from the particle.

THEOREM 5.10.

(D ¢f. the illustration on Figure 5.1
(2) The picture is borrowed from [9], with kind authorization of E. Bouchet.
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A

Figure 5.1. 3" cs, () @e (dashed arrows) for an arbitrary K (thick
lines)(®) .

(1) Assume d > 3 and d,, # 0. Then if k > 1, there exists v € R?\ {0}

such that
Xy
lim — =w.
n—oo M
(2) Ifdy =0 or k < 1, then
. Xy
lim — =0.
n—oo N
(3) More precisely, if d > 3, do - £ > 0 for some ¢ € R4\ {0}, and k < 1,
then
log(X,, - £ o e
M =k in P(g )—probablhty.
n—+oo  log(n)
Remark 5.11. — Note that from Theorem 5.1, v is necessarily of the

form cd, for c € R7.

Remark 5.12. — The case (1) is proved in [36, Theorem 2], it is a con-
sequence of the existence of an absolutely continuous invariant measure, cf.
Theorem 5.6 (cf. Section 7.3 for a sketch of proof). The result (3) comes
from [9], Theorem 1. It makes use of the accelerated process Z; defined in
Section 5.3. For this accelerated process it is possible to prove a law of large
numbers with non zero speed when k5 > 1, d > 3 and d, # 0. From this
process, we can recover the order of growth of the process X,,. The case (2)
when d, = 0 is a simple consequence of the general law of large numbers of
Zerner, [49]. When « < 1, it is a simple consequence of the existence of finite
traps, cf. Section 4, Proposition 4.2.

Remark 5.13. — A famous conjecture is that for uniformly elliptic
RWRE in dimension d > 2, directional transience implies ballisticity. We
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see that it is not true for non uniformly elliptic environment, in particu-
lar for Dirichlet environment. Nevertheless, the previous theorem and the
results of [9] tells that in dimension d > 3, it only comes from finite trap
effects. Indeed, Theorem 2.4 of [9] tells that when x5 > 1, d, # 0 implies
that the accelerated process Z; has an asymptotic positive speed. Hence, for
a sufficiently large A, after acceleration by +*(x), which is a local function
of the environment, directional transience implies ballisticity. It hence gives
in dimension d > 3 for Dirichlet environments an answer to the conjecture.

It is expected that the same is true in dimension d = 2, but we are still
far for a proof of that. The argument used in the proof of the existence of
the invariant measure viewed from the particle is perfectly well suited for
transient graphs, through the use of the existence of unit flows between two
points with bounded L? norms, cf. Section 5.3. It is not clear whether an
absolutely continuous invariant measure exists in dimension d = 2, it is even
believed that it does not exist in the case where d, = 0.

6. Integrability of renewal times and functional central limit
theorem in the directionally transient regime

Assume that d,,-¢ # 0 for some direction £ € R%\{0}. We know from The-
orem 5.1 that the RWDE is transient in the direction ¢. Denote by (7%)k>0
the renewal times in the direction ¢, i.e. 79 = 0 and, for all £ > 0,

Tk+1:inf{n>Tk:Vi<ngj, Xi-€<Xn~€<Xj-€}.

It follows from the transience in direction ¢ that these times are finite a.s.
(cf. [45]). If k > 1, in dimension d > 3, we know that the RWDE is ballistic
and hence that the renewal times are integrable (integrability of renewal
times is easily seen to be equivalent to positive speed, cf. [45]). But the
existence of the absolutely continuous invariant measure fails to give any
information about the finiteness of higher moments of renewal times, and
finiteness of second moments of renewal times is a necessary ingredient to
prove a central limit theorem. The next two sections answer partially the
questions of integrability of renewal times and annealed/quenched central
limit theorem.

6.1. (T) condition and integrability of renewal times

DEFINITION 6.1 ([43]). — Let v € (0,1). The (T'), condition in the di-
rection £ is satisfied if (X,,) is transient in the direction ¢ and if there exists
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¢ > 0 such that
Ey {exp <c sup |Xn|7)] < 00,

0<n<1

where 11 is the first renewal time in the direction £. We say that (T) is
satisfied if (T). is satisfied for all v < 1.

Remark 6.2. — Equivalence between the (T'), conditions and weaker
polynomial conditions have been proved by Berger, Drewitz, Ramirez ([5]), in
the uniformly elliptic case, and extended to the weakly elliptic case (including
Dirichlet cases) by Campos, Ramirez ([12]).

In the case of uniformly elliptic environment in dimension d > 2, the (T")’
condition was proved to imply integrability of all moments of renewal times.
(Note that this is not true in dimension 1 due to the presence of traps.) This
is no longer true in the weakly elliptic case, in particular conterexamples are
given by the Dirichlet case. Indeed, when x < 1 and d, # 0, the RWDE
is directionally transient and satisfies a law of large numbers with speed
0, hence renewal times are not integrable (cf. [38] and Proposition 4.2);
still, one can find choices of the parameters so that (T')" also holds (cf. [10,
Theorem 5]). The question of integrability of renewal times in the weakly
elliptic case was considered first by Campos, Ramirez ([12]), then improved
by Bouchet, Ramirez, Sabot ([10]), and Fribergh, Kious ([22]). We state
below the specification to Dirichlet case of Theorem 1 of [10].

THEOREM 6.3. — Consider the RWDE with parameters (;)i=1,... .24 in
dimension d > 2. Assume that there exist ¢ such that d, - £ > 0. Consider
the renewal times (Tx)g>1 in the direction . Assume that (T), is satisfied

for some v € (0,1). Then Eéa)[(ﬁ)s] < oo if and only if s < k.

Remark 6.4. — In fact (T), condition can be replaced by the polyno-
mial condition (P)ys mentioned in Remark 6.2 for M > 15d + 5, but in
the Dirichlet case we are actually able to prove the condition (7"); under a
condition on the weights, cf. forthcoming Theorem 6.5.

Sufficient conditions implying (7"); were given by Enriquez, Sabot ([17])
and improved by Tournier ([46]). In fact Kalikow’s condition was proved
(we do not define Kalikow’s condition here) which is known to imply (T);
(cf. [43]).

THEOREM 6.5. — Consider a RWDE (X,)n>0 with parameters
(ai)izl ..... 2d- 1If

d
> o — aigal > 1, (6.1)
=1
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then there exists a direction £ € R%\ {0}, such that the RWDE satisfies
Kalikow’s condition (cf. [25]), hence (T')1 condition in the direction (.

This was proved using an integration by part formula, very specific to the
Dirichlet case. The following is an easy corollary of Theorems 6.3 and 6.5.

COROLLARY 6.6. — Assume that d > 2 and that dy - £ > 0 for some
direction £. Assume that the condition (6.1) is satisfied, and denote (T)k>1
the renewal times in the direction £. Then Eq[1{] < oo if and only if s < k.

It is expected that this condition is not optimal, and we conjecture that
at least (T')’ is satisfied when d, # 0, hence that renewal times have finite
s-moments for s < x when the RWDE is directionally transient, i.e. when

do # 0.

6.2. Quenched functional central limit theorem

Let (Xy)n>0 be a RWRE in Z%. Define a sequence of processes (Bt("))t>0
by setting
X[nt] — [nt]v
vn

where [z] := max{n € Z : n < z} stands for the integer part of x.

B = L t>0, (6.2)

DEFINITION 6.7. — The RWRE (X,,) satisfies an annealed functional
central limit theorem (FCLT) with non degenerate covariance matriz, if B
converges weakly (for the Skorokhod topology) to a Brownian motion with non
degenerate covariance matriz, under the annealed law Py.

The RWRE (X,,) satisfies a quenched functional central limit theorem
(FCLT) with non degenerate covariance matriz, if for P-a.e. environment w,
B™ converges weakly (for the Skorokhod topology) to a Brownian motion
with non degenerate covariance matriz, under the quenched law Fy,.

An annealed functional CLT has been proved by Sznitman, under a sec-
ond moment condition Eq[(71)?] < oo for the renewal time, cf. [42]. Quenched
functional CLT have been proved by Rassoul-Agha and Seppéldinen in the
weakly elliptic case under very high moment conditions on renewal times
(cf. [34]) and by Berger, Zeitouni, for uniformly elliptic case under high mo-
ment condition ([6]). These proofs have been improved to get a near optimal
moment condition on renewal times, if a (7)., condition is satisfied. This is
the content of the next result from [11], that we state for simplicity in the
case of i.i.d. nearest neighbor RWRE.

— 487 —



Christophe Sabot and Laurent Tournier

THEOREM 6.8. — Set d > 2. We consider a nearest neighbor random
walk in an i.i.d. random environment. Assume that (X,,) is transient in the
direction £ € R\ {0}, and denote by 7y the corresponding regeneration time.
Suppose that the walk satisfies condition (T), for some 0 < v < 1 and that
FEy [Tf(log Tl)m] < 400 for somem > 1+ % Then, for P-a.e. environment

w, the process B satisfies a quenched functional central limit theorem with
a deterministic, non degenerate covariance matrix.

We deduce from Corollary 6.6 and the previous theorem, the following
result in the Dirichlet case.

THEOREM 6.9. — Assume that d > 2 and consider the RWDE (X,,)n>0
with weights (a;). Assume that the condition (6.1) is satisfied, and that k > 2.
Then (Xy)n>o0 satisfies a quenched functional central limit theorem with a
deterministic, non degenerate, covariance matric.

7. Some sketches of proofs

In this section we sketch some proofs of Section 5, that use the time
reversal property. For Theorem 5.5 and Theorem 5.6, we do not optimize on
the parameters which considerably simplifies the argument. In Section 7.4
we shortly explain how the optimization on the parameters is related to the
max-flow min-cut theorem.

7.1. Directional transience.

Let us use the time reversal Lemma 3.1 in order to prove Corollary 5.4.

We do the proof in Z? to lighten notation; the general case is a straight-
forward generalization.

Let N, L € N. We consider the finite graph G, 1, defined by Figure 7.1, en-
dowed with the weights indicated on the figure. This is a horizontal cylinder
(top and bottom lines of the figure are identified) of length L and circum-
ference N, together with two vertices L and R respectively corresponding
to the left and right exits of the cylinder and a “long” edge (R, L). The ver-
tex 0 belongs to the leftmost column of the cylinder. We first have, denoting
respectively by H and H7T hitting and return times,

P (Hg < Hy) = P\ (Hg < H}),
due to vertical translation invariance of the graph and because, on the right

hand side event, no return to L occurs (so that the reinforcement of the first
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Léey
>
e . e e
a3 aq
aq Qg o [e%] a3
L a1 0 ag\ R
T g as | o ar as Néy
Q] Q4 (6}
(%} aq
B > - - - -0 - - - - 8- - - -
N(Oé1*Oé3)

Figure 7.1. Graph G, for the proof of directional transience in di-
mension 2 (Corollary 5.4). Vertices on top are identified with the cor-
responding vertices on bottom.

edge crossed doesn’t affect the probability of the event). Then, using the
existence of the long edge (R, L),

P (Hp < Hf) > P (X0, = R).

However, each sample of the right hand side event corresponds to stepping
around a cycle (viz., coming from L and getting back to L through the long
edge). By applying Lemma 3.1 (we have divae = 0 in G ) to each of these
cycles, we get (see also (3.5))

A14d

a & N(ag — aiqa)
P"Xpys ,=R) =P (X, =R) = =1
L ( Hz—fl ) L ( 1 ) NO[1+d+N(O[1 70[1+d) a

Indeed, the reversal of the previous cycles are cycles starting by the long edge
and coming back to L, but this second condition is almost surely satisfied
since the graph is finite; and the explicit expression of the probability follows
from the fact that the law of X7 is given by the initial weights. In the end,
we obtained

_ o

PN Hp < H) > 1
a1

By routine arguments, we may then take the limit as N — oo and then
L — oo in order to get (5.2).

Remark 7.1. — As shown in Section 5.1, there is actually equality in
Corollary 5.4. The idea of the proof is used below in dimension 1 in the
second proof of Proposition 8.2; however, one needs the fact that direc-
tional transience holds almost-surely, which is nontrivial in higher dimen-
sions (see Section 5.1). As for the proof of transience in other directions, the
main ingredients are essentially the same as above.
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Remark 7.2. — Once the almost sure transience is proved in sufficiently
many directions, the existence of an asymptotic direction and its value fol-
low from general arguments due to Simenhaus [40] on RWRE. Simenhaus
indeed proves that if directional transience holds almost surely for a family
of directions that span R?, then the walk has an asymptotic direction which
is a constant. Assuming that transience holds for any ¢ € Q¢ with ¢-d, > 0
(cf. Proposition 5.3), the direction then exists and may only be given by d,.

7.2. Transience

Let us prove the first part of Theorem 5.5, i.e. transience of the RWDE
in d > 3. The estimate (ii) for d = 2 follows the same ideas and is explained
after.

Let N € N, N > 1. We consider the graph Gy with vertices Vy =
B(0, N) U {9} (where 9 is an additional vertex and B denotes a ball in Z<)
and edges Exy = Ey U {(d,0)} as in Figure 7.2, i.e. of the following types.
The edges set Fy is the set of directed edges between neighboring vertices
in B(0, N) (as in Z%) and between 0 and the vertices at the boundary of
B(0,N). We also add to En one special edge (9, 0).

The weight o on Z? naturally yields weights on Ey. Let us endow the
special edge (0,0) with a weight equal to 1. With this choice we have clearly
that on E N

div(a) = 5(') — 50.
(The divergence operator is defined in (3.1).) Consider now a unit flow 6 :
Eny — Ry from 0 to 9 (i.e. div(f) = §p — d9) and assume that 0 < 6 < 1
and 0y = 1. (It is always possibly to find such a flow, cf. below.) Extend 6
by 0 on the special edge (9,0). We consider the weights o’ = a+ 6 which is
clearly a flow with null divergence on En.

Set as usual Hp = inf{n >0, X,, =0} and Hf = inf{n >0, X, =0}.
We can now apply Lemma 3.1 and its consequence (3.5): under the law
JRICEE)

Pow(Hp < HY) > PO,W(XH;r_1 =0) (7.1)
=Py (X1 =0)
~ Beta(l, ap).
In particular, we have
1

POt g, « HY) > .
0 (Ho < Hy) a0+ 1
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Figure 7.2. Graph Gy for the proof of transience.

Provided 6 comes from the restriction of a unit flow 6 defined on the whole
set E of edges of Z%, letting N — oo would give a positive probability of
transience for the weights a + 6 without any condition on the dimension.

In order to get back to the weights o, we use absolute continuity
of Dirichlet measures (viz., % = Zgzg 1, wo %, cf. (2.5)), and Hij Ylder

inequality for an arbitrary exponent r > 1 (in the form E[UV~!] >
E[UH] E[ver] )

Py (Hy < HY)

Zoto
— ]E(OtJrQ) + 79@ . aiJr
(Pou(Hy < 1) T] w75
eeEnN
. L gD Z,
>E(a+9)[PO,w(H8 < HS’)%]T _]E(a+9)|: H wé»719} ) Z+0.
eeEnN &

The first expectation is greater that PéaJre) (Hp < Hy) and thus than ﬁ

The other factors are explicit and equal to

r—1
Za+0 Zoc+9
6

O(a,0,p) = (Z

ochTil Za
:exp( Z Vp(te, 0c) — Z V,,(az79x)>7
ecEN z€VN
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where

vr(a,t) = rlogT(a+t) —logT(a) — (r — 1)logI'(a + th)
r_

v, is a smooth function on {(a,t) € R? : @ > 0, t > —a} and one can check
that for all a > 0, v,(a,0) = 0 and 9;v,(a,0) = 0, hence there are &, C,. > 0
such that |v,.(a,t)| < C,t? when —e < t < 2d and a stays within a given
compact subset of (0,4+00) containing all values of o, and «a,. Since 6, < 1
and 0, < 2d for all e, x,

(a) + 1 2 2
Py (H H) > - C, E 0; —C, E 0
0 (Ho < Hy) (ap+1)" P ( “ e€E ¢ z€V m>
N N
1

2 -
(g +1)"

exp(—Cr(l—i—?d) Z 93)

eeEN

The following is a simple application of Thomson’s principle [31, Chapter 2],

LEMMA 7.3. — There ezists a unit flow 0 on En from 0 to 0, such that

0<0<1,6p=1and
> 602 =Ry,

eeEN
where Ry is the electrical resistance between 0 and B(0, N)¢ for the network
7% with unit resistance on the bonds.

Proof. — Consider the non-directed graph (Vy, E ~) naturally associated
with (Viv, En) (without the special edge). Thomson’s principle [31, Chap-
ter 2] tells that

Ry = nf 1012, 7, (7.3
where the infimum runs on unit flows from 0 to 9 on the non-directed graph:
a unit flow on the non-directed graph is a signed function 6 : En — R such
that div(8) = dp — dg (an arbitrary orientation on the edges must be chosen,
cf. [31, Chapter 2]). From Proposition 2.2 of [31], the unit flow that minimizes
the L2 norm is obtained by (e) = E[Syy — Syz] if e = {z,y} is oriented
from x to y, and Sy, is the number of transitions from x to y for the simple
random walk starting at 0 and killed at 0. Following [31, Exercice 2.35], let
u be the first vertex among {z,y} that is visited by a simple random walk
starting from 0. Before being absorbed at 9, the walk is as likely to make
cycles at u in one direction as in the other by reversibility. This leaves at

most one net traversal of the edge e = {x,y}, hence |0(e)| < 1. And, in the
case when x = 0, since a.s. the above u is 0, we even have 0 < ({0,y}) < 1
(with orientation from 0 to y). Then we can define 6 on directed edges Ey
from the minimizer of (7.3), by assigning for every non-directed edge e the

value |f(e)| to the edge oriented according to the sign of 6(e) and 0 to the
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reversed edge. For every oriented edge e we thus have 0 < e < 1, and we
have 6. = 0 if € = 0 so that 1 = (div #)(0) = 0y — 6y = 6y. O

Remark 7.4. — For the present proof, an explicit construction of a near-
optimal 8 would suffice. For a nice construction in Z3 using Pélya urns, the
reader is referred to [30].

Hence we get the inequality
1
Py (Hy < Hy) > ————exp (— C(1+2d)Ry ).
) (Ho < Hy) > oy e (= Gl + 20) R

In dimension d > 3, we know that supy Ry = R(0,00) < 400 where R(0, c0)
is the electrical resistance between 0 and oo for unit resistances on bonds.
Letting N — oo then yields P(J(’J“)(Har = 00) = ¢ > 0, hence PO(O‘)(|X| —
00) = ¢ > 0. Finally, since, by ergodicity, w +— P, (]X| — o0) is constant
P(®)_a.s., and on the other hand it is always equal to either 0 or 1, we conclude
that this probability equals 1, P(®)-a.s., which concludes the proof for d > 3.

The 2-dimensional statement of Theorem 5.5 is a consequence of the
same proof as above, with the only differences that the special edge is given
a small weight v instead of 1 so that we consider the divergence-free weight
o' = a+ vy on Gy. This easily implies, following the same computation
as in (7.2), that

P(a+’YN9) Hy < HY) = ’77]\7
Oy < ) =
It is well-known that in dimension d = 2, Ry ~ log N, hence the lower
bound becomes

YN

(o) +
P Hy < H) > | ———
0 ( N 0 ) (’YN T ao

> exp(—5C,(yn)?log N).
Taking r = 1 + 2¢ and 75 = (log N)~'/2? gives the lower bound of the
theorem.

Remark 7.5. — If we assume only divy,a > 0 for all vertices z and
0 < ¢ < a < C for all edges e, then the above proof would work as
well, provided we introduce new edges in Gy, from 0 to every x in V,
with respective weight div, a (so that the new weight has divergence dy — dg
before addition of #). Due to orientation of these new edges (from 9 to
x), they do not play a role in the probabilities involved in the proof. In
this case, the lower bound becomes #‘m =1- 1?;‘&0. Note that a
positive divergence implies that the sum of the weights of edges exiting a
finite subset is greater than the sum of those entering, which leads to an
intuitive tendency to push the walk out of finite subsets.
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The bound on the moments of the Green function are slightly more tricky,
but if we do not optimize on the parameters it is rather easy to obtain
integrability of the Green function for s < & where

F=min(a;, i =1,...,2d).

Consider the Green function GX (0,0) of the quenched Markov chain in en-
vironment w, killed at the exit time of B(0, N). We clearly have GY(0,0) =
1/Py(Hs < HY). Consider now the graph (Vi, Ex) as before but endow
the special edge (9, 0) with a weight . Consider the weights o’ = a+~6. Pro-
ceeding as in (7.1), under P(*), Py ,(Hy < H) is stochastically bounded
from below by the law Beta(y, ag). Apply Hélder inequality with r, ¢ such
that 1 + ¢ =1, (in a direct way)

E@ [GX(0,0)°]

_ ZCH-’)"9 E(a—l—'yG) |:( 1 )Sw—70:|
Zo PO,w(Ha < HJ)

ZOL+')’9 (a+~0) |:< 1 >Ts:|1/7” (a+~0) _~go11/a
Zom ety - - Elaty [w 9 ]
Ze Py, (Hy < HY)

_ 1/
(Zasr0)' ™" (Zas1-qp0)
Lo

/N

E [Y_Ts] 1/r ,

<

where Y is a random variable with distribution Beta(vy, o). By (2.6),
Zot(1—q)yo is finite if and only if

(g —1)0(e) < e, Ve€kEN. (7.4)

Since 6 < 1, we can take y(¢ — 1) < & which means, in terms of r, r > ’%'}:’.

Now, the left hand side is integrable if 7s < 7 since Py, (Hs < Hg ) has law
Beta(y, ). This means that we can take

YR
R+

s < (7-5)

For this choice of s, we can make a similar second order estimate of the
Gamma terms and prove that

B [G(0,0)°] < exp(C0]*).
Hence for s satisfying (7.5), we have that sup, E(®) [G](0,0)°] < +oo.

Taking « very large we can take s up to %. In Section 7.4, we shortly explain
how to get bounds on the moments up to x instead of &.
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7.3. Invariant measure viewed from the particle

In this section we give a sketch of proof of the existence of an invariant
measure of the process of the environment viewed from the particle, The-
orem 5.6, in the case where the weights («;) are sufficiently large, in fact
when «; > 1 for all i. This simplifies the argument, since in this case it
is not necessary to optimize on the parameters using the max-flow min-cut
theorem. Like for transience, the proof uses the time reversal property and
the existence of unit flows with bounded L? norms in dimension d > 3, this
is where the restriction on the dimension enters.

Following [29], we first restrict to a large torus. When N € N*, we denote
by T = (Z/NZ)? the d-dimensional torus of size N. We denote by Gn =
(T'v, En) the associated directed graph image of the graph G = (Z%, E) by
projection on the torus. We denote by 2 the space of environments on the

torus Gy (following Section 2). We denote by Pg\?) the Dirichlet law on the
torus of size N, with weights (a(y z4e,) = Q)i=1,.- 2d-

For w in Qn we denote by (7% (z))zery the invariant probability measure
of the Markov chain on T with transition probabilities w (it is unique since
the environments are elliptic). Let

fn(w) = N75(0),
and
5\(71) — fy 'PE\(;)~

Thanks to translation invariance, Qg\?) is a probability measure on Q. The
following lemma, which implies Theorem 5.6, is proved in [36]

LEMMA 7.6. — Let d > 3. For all p € [1,K]

sup || fnv (o), < 0O.
NENH ||LP([P’N )

It is standard that such an estimate implies Theorem 5.6, it is done for
example in [7] in a very similar context, and precisely in [36]. We will sketch
the proof of this lemma only for p € [1,&), where

k=inf{a;, i=1,...,2d}.

It implies the existence of an absolutely continuous invariant measure when
& > 1, which is in LP(P(®) for p < &.

Sketch of proof of Lemma 7.6.
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Step 1. — Let (Wgy)z~y be in Qn. Recall that the time-reversed envi-

ronment is defined by
1
A 0) Ty——
i " ()

for z, y in T,  ~ y. At each point x € Ty

2d
ale) = aj,
j=1

Doale) =3,
e=x e=x
It implies by Lemma 3.1 that if w is distributed according to Pg\?), then & is
distributed according to IP’S\(,X) where & are the parameters obtained by central
symmetry from w, i.e. we have with ¢y z—e; = Op—c; .0 = 0.
Let p be a real, p > 1, then
d
(0 p/N
il )> ., (7.6)

11 (ﬂz”v(y)

(fn)P = (N*7%.(0))"
7%(0) ) .
(v) JeTh

I
(Nd EyETN 7T-“1\)7
where in the last inequality we used the arithmetico-geometric inequality.

For 0 : Eny — R, we define 0 by
Owy) =0y, YT~y

For any two functions v and 5 on Ey, (resp. on T) we write

= [T 0™ (esp. o= ] 2@,
ze€TN

eeEN

The following simple computation is important:
_~_1\0(e
(we)mn (@my(e) )"

d
wT) = H 0(e)
We

w
e€cEN
0(e)— __ 6(e)
— H ﬂ-N(x)Ze,g:w Ze,e:z
€T N
_ O,
Hence, for all 6 : Exy — R such that
) 1
div(0) = Nd Z (60 — dy),
yeTN
we have using (7.6) and (7.7)
op?
fﬁr < W.
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Step 2. — We will use the following fact, which is an immediate adap-
tation of Lemma 7.3 to the torus case.

LEMMA 7.7. — For any x,y € Tx, there exists a unit flow 6*Y) from x
to y such that

2
0< 6" (e)<1, Ve€cEy, and » (9@’”(6)) = Ry (z,y),
eeEnN

where Ry (x,y) is the electrical resistance between x and y for the torus
network with unit conductances.

Furthermore, it is well-known that in dimension d > 3, there exists ¢(d) <
oo such that

Ry(z,y) <c(d), forall N and all z,y in Th.

From the previous lemma, we can construct

1
b= DA (7.10)

yeTN
Clearly H9||%2(EN) < e(d), 0 < 6(e) <1 for all edge e € En, and

div(0) = % > (80 — ). (7.11)
yeTN
Assume that &£ > 1, and 1 < p < K. Let r,¢q be positive reals such that
%+ % = 1 and pg < k. Using (7.9), Holder inequality and Lemma 3.1 we get
for @ defined by (7.10)

B 11
v p
<E® {wpe}
1 1/r 1
< E@ {d,pw} E(@) Padd /a
— E(@) [wpré} r E(®) [wque]l/q
(e T +p0)\ " Ty T —pa0()\ [ Taer, (@)
[Ler, Clatpri(x)) [Ler, T(a—pgb(z)) [leer, D) )
(7.12)

where in the last expression we write o = Zfil oy, and 0(z) = Zfil O(w,z+e)s
0(z) = Zgil é(x,ﬂ_ei). Remark that we need that
pgle) < o, Ve € Ey, (7.13)
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for the expectation in the middle term to be finite. Since pg < & and 0 <
f(e) < 1, we have a. —pgb(e) > (k—pq) > 0 and a—pqb(z) > 2d(k—pq) > 0.
Hence the right hand side term is well-defined and finite. Remark from (7.11),
that .
Change now e in ¢ in the product in (7.12), it gives

E) [f}]

[eer, Dlae +pro(e)!/"T(ae — pgb(e))/ T (ae) !

[oery Do+ pr(0(z) = Lumoy + 5a))*/"T(e = pgb(x)) /9T (a) =1

Consider the numerator, it can be written

exp ( Z 77(04679@)>

ecEn

~

with ) .
n(a,t) = —logI'(a + prt) + —logI'(a — pqt) — logT'(a).
r q
For small ¢, the Oth and 1st order vanish and we have
n(a, )] < O(t?),

for a,t in a compact and a — pqt > € for some € > 0. It implies that there is
a constant C' > 0 such that

exp ( > n(ae,f)e)> < exp(Cl011Z2 () < exp(Ce(d)).

eeEnN

The argument for the denominator is similar, the extra term ﬁ just gives
an extra constant and it can be bounded from below by exp(—C(1 + [|6]?))
for some constant C' > 0. |

7.4. Optimization on the parameters

In Sections 7.2 and 7.3, we gave sketches of proof of the theorems under
weaker conditions on the parameters. We remark that the constraint on the
parameters appears after the Holder inequality, in equalities (7.4) for the
estimates of the moments of the Green function and (7.13) for the proof of
the invariant measure. These inequalities are both of the following type: we
want to find v as large as possible such that v6(e) < «. for all edge e for a
unit flow from a point z to another point y (these are 0 and 9 in (7.4), and
0 and a point y in the torus in (7.13)). Hence, we need to construct some
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flows that minimize the infimum min(é(e)/a.). This is exactly the content
of the Max-Flow Min-Cut theorem that we recall below.

Let G = (V, E) be a directed connected graph. A flow from z to y is a
function 0 : E — R such that div() = (0, — d,) for some real v > 0. The
strength of 6 is by definition v = div(6)(x).

Recall that a cutset separating = from y is a subset S C F such that any
directed simple path from z to y contains at least one edge of S. The well-
known Max-Flow Min-Cut theorem says that the maximum flow equals the
minimal cutset sum (cf. [21]). We give here a version for countable graphs
([31, Theorem 2.19], cf. also [1]).

PROPOSITION 7.8. — Let (c(€))ecr be a family of non-negative reals,
called the capacities. A flow 0 from x to y is called compatible with the
capacities (c(e))ecr if

fle) <cle), Ve€ckE.

The mazimum compatible flow equals the infimum of the cutset sum, i.e.

max{strength(6) : 0 is a flow from x to y compatible with (c(e))}
= inf{c(S) : S is a cutset separating x from y},

where

ecS

Hence, we see that the limitation v6(e) < a. is a max-flow problem. This
implies that for c¢(e) = ., for all v smaller than the min-cut, we can find
a flow such that v0(e) < ae. Consider for example the case of transience,
Section 7.1. The minimal cutset from 0 to 9, on Z? with capacities a is the
set of edges {(0,¢;) : i =1,...,2d}. Hence, the min-cut is Zfil o;. This is
strictly smaller than x, and hence it does not match the optimal condition
on «. This can be explained as follows: the minimal cutset corresponds to
the “trap” with the single vertex {0}. But this cannot be a trap since the
RWDE makes a jump at each step. This problem can be solved by the
following trivial remark: we have

2d
1= Z w(0, e;).

i=1
This rather trivial identity indeed means that the RWDE leaves the vertex
{0} with probability 1 after one step! The idea is to inject Zfil w(0, e;) in the
identities. This has the effect of increasing the weight of at least one edge in
{e : |e]| = 1} by 1. Hence, it makes it easier to create a flow compatible with
these new weights. This gives the optimal condition involving the parameter
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k. One technical difficulty that appears in [35] and [36] comes from the fact
that we need to implement the max-flow min-cut theorem, with keeping a
finite L2 norm. This is overcome by some surgery on the flows.

8. The case of dimension 1. Relation with Chamayou Letac exact
solutions of renewal equation

8.1. Generalities

In the one-dimensional case, the environment w is fully given by the
sequence (wz)gez of ii.d. real random variables w, = W(yz41). In the
Dirichlet case, their common distribution is Beta(aq, a2 ), henceforth denoted
Beta(a, f):

1
B(a, B)
We may assume « > § without loss of generality, because of reflection sym-
metry.

under P(*4) wo ~ Beta(a, §) = w1 - u)ﬁflll(()’l)(u) du.

Many results are known in wide generality for RWRE on Z and can be
readily applied to this situation. In particular, Solomon’s results [41] give

THEOREM 8.1. — (d=1)

Transience:
ifa=p, — 00 = liminf X,, < limsup X,, = 400, Péa’ﬂ)-a.s.
n n
if > 3, X, — +oo, Po(a’ﬁ)-a.s.
n—oo
Ballisticity:
X’ﬂ «
ifB+12>2az0, — — 0, PP q.s.
n n—oo
. Xn @ — ﬂ -1 o,
Zfa>6+1, Tn:;v:m>o’ PO( )-G,.S.

Annealed scaling limits for RWRE were also proved by Kesten, Kozlov
and Spitzer [28] and made more explicit in [18, 19]. They are driven by the
exponent K1 > 0 such that E[(%)"‘l] = 1. In the case of Beta environment,

a simple computation gives

This quantity plays a role analog to that of the constant x that we introduced
in higher dimensions. The fully explicit statement of the annealed scaling

- 500 —



Random walks in Dirichlet environment

limits (Theorem 8.3 below) requires a computation that is specific to Beta
environments and due to Chamayou and Letac [13].

8.2. Chamayou and Letac’s exact computation

We assume « > 3 in the following. For k € Z, let
1 — wy
pr=——"
Wk

and define the random series

R=1+p1+p1p2+ p1p2ps+--- .

The condition « > f implies E[log p1] < 0 and thus a.s. convergence of R.
Then we have (Kesten [27])

P(R>t) ~ Cx(ap)t™",

where Ck («, ) is known as Kesten’s constant and is in general not explicit.
Remarkably, it is however the case for Beta environment where even the law
of R is known, due to the work of Chamayou and Letac [13]:

PROPOSITION 8.2. — The random variable 1/R follows a distribution

Beta(a—3, 8). In particular, JRlCHE) (Redr)= B(alﬂ ) (Til,c)fil L (0,400 () dr

and

1

Ol ) = =B Bla—5.5)

Let us emphasize that the random variable R is involved in several
quenched quantities, whose law is therefore explicit: for instance, simple
computations give

1

Py, (Hy = 400) = ik

where R_ =1+ po+ pop—1 + -+ has same law as R. In particular, one can
see that

E®[G,(0,0)°] <co & s< ki,
to be compared with Theorem 5.5 for a higher dimensional analog. Further-

more, Kesten’s constant appears in the scaling limits of [19, 18] and thus in
Theorem 8.3 below.
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Proof by renewal equation. — The approach of Chamayou and Letac is
based on the following equation: writing p = p1,
R=1+pR/, (8.1)

where R’ has same distribution as R and is independent of p. This distri-
butional fix-point equation has a unique solution, and one can check that
the distribution given in the lemma is such a solution. The paper [13] gives
several instances of applications of this fruitful method. Another example
appears in Section 8.3. g

Proof by time reversal. — A more direct approach to Proposition 8.2 is
provided by the use of Lemma 3.1.

a—p3
« B I}
0 1 N

Figure 8.1. Graph G for the proof of Proposition 8.2.

We have, for all N, with the graph Gy from Figure 8.1 (which is similar
to Figure 7.1 with d = 1),

Pl (Hy < Ho) = PCY (Hy < Hy) = PyY (Hy < HY)
=1-PyN(Hf < Hy) =1- Py (Hy < Hy)
=1 - Py (Ho < Hy), (8.2)
where the fourth equality comes from applying equation (3.4) to each cycle
that realizes the event, and noting that the set of those cycles is globally

invariant by time inversion. Then, by Lemma 3.1, &y ~ Beta(8, a — ), and
@1,...,0n—1 are i.i.d. with law Beta(f, @) hence

(Pfaz,v(Ho < Hy) under P(a’ﬁ))lgv(P%w(Ho < Hy) under IP(B’O‘)) Ni—}ool,

by transience to —oo of the RWDE with parameters (5, «). Thus, the last

probability in (8.2) goes to 1 in probability and we get, by letting N — oo,
Py ,(Hy = +00) ~ Beta(a — 3, 5),

in accordance to Proposition 8.2 given that the left-hand probability equals
1/R. |

Let us finally state the annealed scaling limits. Kesten, Kozlov and
Spitzer [28] proved limit laws for one-dimensional RWRE under general as-
sumptions, however their approach did not give a description of the constants
involved. This work was done later. First, the variance in the diffusive case
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can be computed (cf. [48, Theorem 2.2.1, where 0?971 should involve @ instead
of Q] and references therein). Then, the parameters of the stable limits were
obtained in [18, 19] in terms of Kesten’s constant; a fine analysis of the time
spent in traps, i.e. valleys of the potential, indeed enabled to relate the tail
behaviour of this time to the tail of its quenched average and then to that
of the renewal series R (cf. [20] for this crucial part). The explicit value of
Ck (a, B) deduced from [13] (cf. Proposition 8.2 above) is the last ingredient
to the following statement:

THEOREM 8.3 (d = 1). — We have, when n goes to infinity,
o fl<a—-p<1,

X sin(r(a = B)) Bl — §.0) ( ! )M ;

no—~ 207Fm W(a) - W(B) \ S 4

o if a — f =1, for deterministic sequences (un)n, (Vn)n converging

to 1,
1
X” - U"ﬂ logn law 1 ca
T len e g,
n/(logn)? 28
and in particular,
Xn prob 1 .

‘) 7’
n/logn 20
e ifl<a—f<2,
a—pB—1
X, — g1l
na7

law.

9 — ™ \II(O‘) B \I/(B) o=F (a7571)1+ﬁ ca
sin(m(o — B)) B(a — 3, B)? o
o ifa—[>2,
a—p-1
Xn—a4;ﬂ1E32< Bla—1)(a — ) )h@S
Y (a=F-2(a+p-12)
where U denotes the classical digamma function, ¥(z) = (logT")'(z) = 1;/((;))7

Sy has law N(0,1), and, for 0 < k1 < 2, St is a totally asymmetric stable
random variable of parameter k1, such that

(=it o<k <1
Ble'Si] = { emslti=iltllosltl 4 0 — 1
p(-it)" ifl<m<2
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Remark 8.4. — Note that RWDE is the only example where the con-
stants in these limit theorems are fully explicit.

Remark 8.5. — 1In the case k1 = 2, a CLT with scaling v/nlogn holds
by [28], although up to our knowledge the explicit constant has not been
rigorously computed so far.

8.3. Exact expression of the large deviation rate function

Consider the random walk in beta random environment on Z with pa-
rameters («, 3). Assume that a > 3 so that the RWDE is transient in the
positive direction. Consider the stopping times for k£ € N,

Hyi =inf{n >0, X,, = k}.

Define the function

P(w,A) = Eg . [AT1]. (8.3)
The sequence %H . satisfies a large deviation principle with rate function
given by the Legendre transform of A\ — E [log ¢(w, A)], cf. [24, Lemma VII.6]
(and previously [23, 14]). It is also remarked in Lemma VII.12, that the func-
tion ¢(w, \) satisfies a recursion equation, and hence can be represented as
a continued fraction. What we show below is that in case of Beta environ-
ments, the law of ¢(w, ) is explicit, hence the rate function can be expressed
as the Legendre transform of a simple integral.

For z € (—00,1), we introduce the hypergeometric density h") (o, 8;2)(du),
cf. [13, Example 6, p. 13], which is the density on the interval (0,1) given by

r 1
F(%R?) Flaaat gt @-u) 0 -ue) Loy () du,
where

F(C) ! b—1 —u c—b—1 —uz) " %du
R, e e

is the classical hypergeometric function.

F(a,b;c;2) = oF1(a,b;c;2) =

THEOREM 8.6. — Let A € [0,1]. Consider the random variable

1
2() = 0l N).
Then Z follows the hypergeometric law h(Y (a, B; A?).

Proof. — We start from the following elementary lemma. This identity
comes from [24, Lemma VII.12]®) .

(3) The first author thanks Alejandro Ramirez for mentioning this identity and its
relation with large deviation.
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LEMMA 8.7. — The random variable Z satisfies a distributional equa-
tion:
law Y
= —— 4
1+Y —\2Z2° (8:4)

where on the right hand side, Y is a random variable independent of Z and
with distribution
law U

Y = =0 U is beta(w, B) distributed.

Proof. — Indeed, the following identity
E§ N = Ao + (1 —wo) Eg AT BY [A],

where 6_jw is the environment shifted one step to the left, is an obvious
consequence of Markov property. Since wg and Eg’lw [A\™t] are independent,

the relation (8.4) follows easily. O

There exists a unique distribution satisfying equation (8.4). Indeed,
from [24, Lemma VII.12], we can deduce from Lemma 8.4 that ¢(w, A) can
be represented as a converging continued fraction.

We make the change of variable to the random variable X on (0, +00)
given by

Z

1-Z

Simple computation implies that X must satisfy the distributional identity

law 1+X

1T+ (12X’ (8:5)

where on the right hand side Y is independent of X with same distribution
as in the statement of Theorem 8.6. We first prove that if X follows the
distribution A (e, 8; A?)(dv) where h(® (a, §; 2)(dv) is the distribution on
(0, +00) given by

D(a+B) 1

ch—l ” —B )@ o) do
L(a)L(B) Fo, o5+ B5A2) (1+0)77(1+ (1= 2)v) 1, (v) do,

then X is solution of the distributional equation (8.5). This is inspired by
the type of explicit solutions that appears in [13, Section 5.3], even if it does
not seems to enter in one of the example treated in this paper (even after
change of variables).
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Let us assume that X follows h(®)(a, 8; \?) and compute the s-moments,
s > 0, of both sides of (8.5). The s-moment of the left hand side is

I'(a+PB) 1
L(a)T(B) F(a, a5 a + B;A2)

X /Oo v 14 0) P14+ (1 - A?)0) 1k, (v) dv
0

_ T(a+p) Fla,a+ s;a+ ;22 T'(a + s)I'(B — s)
- D(@)(B) Fla,asa+ 5502 NGRS
T(a+s)['(B—s) Fla,a+ s;a+ 5;22?)
L(a)T(B) Fla,o5a+ 8;22) 7
while, by independence, the s-moment of the right hand side of (8.5) equals
(1+X)®
(1+(1-X)X)2]’

E[X®] =

E[Y*]E [

and we have
Dla+ s)I'(B —s)

Y= o)
and
(1+X)*
B {u - z)X)?]
Ta+p) 1

= T(@)T(3) Fla,ara T 5. )
X / v 1+ 0) P14 (1= M) " g, (v) do
0

Fla+s,a;a+ 3;\?)
F(a,a;a+ §;A\2)
Using the property F(a,b;c;z) = F(b,a;c;2), we get that the s-moments
of both sides of (8.5) coincides. Simple computation shows that it implies
that Z is solution of the distributional identity (8.4) if it follows the law
M (a, B; A?)( dv). The proposition follows from the uniqueness of the solu-
tion of this identity. O

Bibliography

[1] R. AHARONI, E. BERGER, A. GEORGAKOPOULOS, A. PERLSTEIN & P. SPRUSSEL, “The
max-flow min-cut theorem for countable networks”, J. Comb. Theory 101 (2011),
no. 1, p. 1-17.

[2] O. ANGEL, N. CRAWFORD & G. KozMA, “Localization for linearly edge reinforced
random walks”, Duke Math. J. 163 (2014), no. 5, p. 889-921.

- 506 —



(3]

(4]

[5

6

[7

B

(9]

(10]

(11]

(12]

13]

14]

[15]
[16]
(17]

18]

(19]
20]
(21]

(22]

Random walks in Dirichlet environment

G. BARRAQUAND & I. CORWIN, “Random-walk in Beta-distributed random environ-
ment”, https://arxiv.org/abs/1503.04117, 2015.

N. BERGER, M. COHEN & R. ROSENTHAL, “Local limit theorem and equivalence of
dynamic and static points of view for certain ballistic random walks in i.i.d environ-
ments”, https://arxiv.org/abs/1405.6819v1, 2014.

N. BERGER, A. DREWITZ & A. F. RAMIREzZ, “Effective polynomial ballisticity condi-
tions for random walk in random environment”, Comm. Pure Appl. Math. 67 (2014),
no. 12, p. 1947-1973.

N. BERGER & O. ZEITOUNI, “A quenched invariance principle for certain ballistic
random walks in i.i.d. environments”, in In and Out of Equilibrium 2, Progress in
Probability, vol. 60, Birkh&user, 2008, p. 137-160.

E. BOLTHAUSEN & A.-S. SZNITMAN, Ten lectures on random media, DMV Seminar,
vol. 32, Birkh&user, 2002, vi+116 pages.

E. BOLTHAUSEN & O. ZEITOUNI, “Multiscale analysis of exit distributions for random
walks in random environments”, Probab. Theory Relat. Fields 138 (2007), no. 3-4,
p. 581-645.

E. BOUCHET, “Sub-ballistic random walk in Dirichlet environment”, Electron. J.
Probab. 18 (2013), no. 58, p. 1-25.

E. BoucHET, A. F. RAMIREZ & C. SABOT, “Sharp ellipticity conditions for ballistic
behavior of random walks in random environment”, https://arxiv.org/abs/1310.
6281v1, 2013.

E. BoucHET, C. SaBOT & R. S. Dos SANTOS, “A Quenched Functional Central
Limit Theorem for Random Walks in Random Environments under (T"),”, https:
//arxiv.org/abs/1409.5528, 2014.

D. Campos & A. F. RaMirez, “Ellipticity criteria for ballistic behavior of random
walks in random environment”, Probab. Theory Relat. Fields 160 (2014), no. 1-2,
p. 189-251.

J.-F. CaaMAYOU & G. LETAC, “Explicit stationary distributions for compositions of
random functions and products of random matrices”, J. Theor. Probab. 4 (1991),
no. 1, p. 3-36.

F. CoMETS, N. GANTERT & O. ZEITOUNI, “Quenched, annealed and functional large
deviations for one-dimensional random walk in random environment”, Probab. Theory
Relat. Fields 118 (2000), no. 1, p. 65-114, erratum 4bid. 125, no. 1, p. 42-44.

D. CopPERSMITH & P. Diaconis, “Random walks with reinforcement”, Unpublished
manuscript, 1998.

R. DURRETT, Probability: theory and erxamples, 3rd ed., Duxbury advanced series,
Thompson Brooks/Cole, 2005, xi+497 pages.

N. ENRIQUEZ & C. SABOT, “Random walks in a Dirichlet environment”, Electron. J.
Probab. 11 (2006), p. 802-817, paper no. 31, electronic only.

N. ENRIQUEZ, C. SABOT, L. TOURNIER & O. ZINDY, “Stable fluctuations for ballistic
random walks in random environment on Z”, https://arxiv.org/abs/1004.1333,
2010.

N. ENRIQUEZ, C. SABOT & O. ZINDY, “Limit laws for transient random walks in
random environment on Z”, Ann. Inst. Fourier 59 (2009), p. 2469-2508.

, “A probabilistic representation of constants in Kesten’s renewal theorem”,
Probab. Theory Relat. Fields 144 (2009), no. 3—4, p. 581-613.

L. R. J. FOrRD & D. R. FULKERSON, Flows in networks, Princeton University Press,
1962, xii4+194 pages.

A. FrIBERGH & D. Kious, “Local trapping for elliptic random walks in random
environments in Z%”, https://arxiv.org/abs/1404.2060v1, 2014.

- 507 -


https://arxiv.org/abs/1503.04117
https://arxiv.org/abs/1405.6819v1
https://arxiv.org/abs/1310.6281v1
https://arxiv.org/abs/1310.6281v1
https://arxiv.org/abs/1409.5528
https://arxiv.org/abs/1409.5528
https://arxiv.org/abs/1004.1333
https://arxiv.org/abs/1404.2060v1

23]
[24]
[25]

[26]

27)
(28]
29]
30]

(31]

(32]
(33]

(34]

35]

(36]

37)

(38]

(39]
[40]
[41]
(42]
[43]

[44]

Christophe Sabot and Laurent Tournier

A. GREVEN & F. DEN HOLLANDER, “Large deviations for a random walk in random
environment”, Ann. Probab. 22 (1994), no. 3, p. 1381-1428.

F. DEN HOLLANDER, Large deviations, Fields Institute Monographs, vol. 14, American
Mathematical Society, 2000, x+143 pages.

S. A. KALIKOW, “Generalized random walk in a random environment”, Ann. Probab.
9 (1981), no. 5, p. 753-768.

M. S. KEANE & S. W. W. ROLLESs, “Edge-reinforced random walk on finite graphs”,
in Infinite dimensional stochastic analysis (Amsterdam, 1999), 217-234, R, K. Ned.
Akad. Wet., vol. 52, Royal Netherlands Academy of Arts and Sciences., 2000, p. 217-
234.

H. KESTEN, “Random difference equations and renewal theory for products of random
matrices”, Acta Mathematica 131 (1973), no. 1, p. 207-248.

H. KESTEN, M. V. KozLoVv & F. SPITZER, “A limit law for random walk in a random
environment”, Compos. Math. 30 (1975), no. 2, p. 145-168.

G. F. LAWLER, “Weak convergence of a random walk in a random environment”,
Comm. Math. Phys. 87 (1982/83), no. 1, p. 81-87.

D. A. LEvVIN & Y. PERES, “Pdlya’s Theorem on Random Walks via Pdlya’s Urn”,
Am. Math. Mon. 117 (2010), no. 3, p. 220-231.

R. Lyons & Y. PERES, Probability on Trees and Networks, Cambridge Univer-
sity Press, 2015, In preparation. Current version available at http://pages.iu.edu/
~rdlyons/.

F. MERKL & S. W. W. ROLLES, “Recurrence of edge-reinforced random walk on a
two-dimensional graph”, Ann. Probab. 37 (2009), no. 5, p. 1679-1714.

R. PEMANTLE, “Phase transition in reinforced random walk and RWRE on trees”,
Ann. Probab. 16 (1988), no. 3, p. 1229-1241.

F. RAsSSOUL-AGHA & T. SEPPALAINEN, “Almost sure functional central limit theorem
for ballistic random walk in random environment”, Ann. Inst. Henri Poincariz ¥,
Probab. Stat. 45 (2009), no. 2, p. 373-420.

C. SABOT, “Random walks in random Dirichlet environment are transient in di-
mension d > 37, Probab. Theory Relat. Fields 151 (2011), no. 1-2, p. 297-317,
https://arxiv.org/abs/0811.4285.

, “Random Dirichlet environment viewed from the particle in dimension d >
37, Ann. Probab. 41 (2013), no. 2, p. 722-743.

C. SABOT & P. TARRES, “Edge-reinforced random walk, vertex-reinforced jump pro-
cess and the supersymmetric hyperbolic sigma model”, J. Eur. Math. Soc. (JEMS)
17 (2015), no. 9, p. 2353-2378.

C. SABOT & L. TOURNIER, “Reversed Dirichlet environment and directional tran-
sience of random walks in Dirichlet environment”, Ann. Inst. Henri Poincariz,
Probab. Stat. 47 (2011), no. 1, p. 1-8.

T. SEPPALAINEN, “Scaling for a one-dimensional directed polymer with boundary
conditions”, Ann. Probab. 40 (2012), no. 1, p. 19-73.

F. SIMENHAUS, “Asymptotic direction for random walks in random environments”,
Ann. Inst. Henri Poincarig, Probab. Stat. 43 (2007), no. 6, p. 751-761.

F. SoLoMmoN, “Random walks in a random environment”, Ann. Probab. 3 (1975),
p- 1-31.

A.-S. SzZNITMAN, “Slowdown estimates and central limit theorem for random walks
in random environment”, J. Europ. Math. Soc. 2 (2000), no. 2, p. 93-143.

, “On a class of transient random walks in random environment”, Ann. Probab.
29 (2001), no. 2, p. 724-765.

A.-S. SzNITMAN & O. ZEITOUNI, “An invariance principle for isotropic diffusions in
random environment”, Invent. Math. 164 (2006), no. 3, p. 455-567.

- 508 —


http://pages.iu.edu/~rdlyons/
http://pages.iu.edu/~rdlyons/
https://arxiv.org/abs/0811.4285

(45]
[46]
(47)

(48]

[49]

[50]

Random walks in Dirichlet environment

A.-S. SZNITMAN & M. P. W. ZERNER, “A law of large numbers for random walks in
random environment”, Ann. Probab. 27 (1999), no. 4, p. 1851-1869.

L. TOURNIER, “Integrability of exit times and ballisticity for random walks in Dirichlet
environment”, Electron. J. Probab. 14 (2009), p. 431-451, electronic only.

, “Asymptotic direction of random walks in Dirichlet environment”, Ann. Inst.
Henri Poincariz %, Probab. Stat. 51 (2015), no. 2, p. 716-726.

O. ZeIiTouni, “Random walks in random environment”, in Lectures on probability
theory and statistics: Ecole d’été de probabilités de Saint-Flour XXXI-2001, Lect.
Notes Math., vol. 1837, Springer, 2004, p. 191-312.

M. P. W. ZERNER, “A non-ballistic law of large numbers for random walks in i.i.d.
random environment”, Electron. Comm. Probab. 7 (2002), p. 191-197, paper no. 19,
electronic only.

M. P. W. ZERNER & F. MERKL, “A zero-one law for planar random walks in random
environment”, Ann. Probab. 29 (2001), no. 4, p. 1716-1732.

- 509 —



	1. Introduction
	2. Random Walk in Dirichlet environment and directed edge reinforced random walk
	2.1. Dirichlet laws and Pólya urns
	2.2. Properties of Dirichlet distributions
	2.3. RWDE on general graphs, and reinforcement

	3. The property of statistical invariance by time reversal
	3.1. The main lemma and a probabilistic proof
	3.2. Analytic approach.

	4. Preliminaries: traps of finite size. The parameter K
	5. RWDE on Zd, d>=2. Results involving the time reversal property
	5.1. Directional transience
	5.2. Transience in dimension d>=3
	5.3. The invariant measure for the environment viewed from the particle
	5.4. Ballistic regimes in dimension d>=3

	6. Integrability of renewal times and functional central limit theorem in the directionally transient regime
	6.1. (T) condition and integrability of renewal times
	6.2. Quenched functional central limit theorem

	7. Some sketches of proofs
	7.1. Directional transience.
	7.2. Transience
	7.3. Invariant measure viewed from the particle
	7.4. Optimization on the parameters

	8. The case of dimension 1. Relation with Chamayou Letac exact solutions of renewal equation
	8.1. Generalities
	8.2. Chamayou and Letac's exact computation
	8.3. Exact expression of the large deviation rate function

	Bibliography

